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Executive summary 
 

Three things you need to know 

 
Trust, not capability, is the constraint. The defining limit on finance AI is no longer 

what the model can do — it is the human effort required to trust outputs enough 

to act on them with confidence. 

Verification is expensive. Senior finance leaders now spend an average of 13 hours 

per week validating AI outputs; nearly half (48%) spend 15+ hours and almost one 

in five (19%) spend 30+ — the point at which AI creates more work than it saves. 

Transparency commands a premium. 71% of finance leaders say a vendor’s Glass 

Box stance — transparency and traceability into the logic behind its outputs, as 

opposed to an opaque Black Box — strongly elevates preferred-partner status, 

and 54% would pay a transparency premium, averaging 11% above standard 

licensing (roughly 20% among those willing to pay). 

The Emerging Economics of AI in Finance Return to table of contents 
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Artificial intelligence adoption within finance organizations is accelerating rapidly, but 

operational reality is diverging from the market’s early expectations. Today, only 4% 

of finance organizations describe themselves as running largely autonomous finance 

operations, while 62% remain primarily manual or rules-based. Rather than enabling fully 

autonomous finance, most organizations are deploying AI within bounded, reviewable 

workflows focused on analysis, reconciliation, reporting preparation, policy review, 

exception identification, and operational acceleration. 

Across industries, finance teams are discovering that AI-generated outputs introduce 

new operational requirements tied to validation, explainability, governance, auditability, 

and accountability. Verification of those outputs now consumes a substantial share of 

finance-team time, with 48% of all respondents spending 15 or more hours per week on 

verification activities. Organizations estimate that, on average, more than a quarter (26%) 

of expected productivity gains are lost to reverse-engineering AI outputs so they can be 

explained to stakeholders, and 22% report that this consumes more than half of all 

AI-saved time. 

 
As a result, organizations are building what increasingly resembles a second operational 

layer inside finance, focused not on generating AI outputs but on managing trust around 

those outputs. This shift is reflected in finance leaders’ talent priorities. When allocating 

100 points across the skills required to hire a finance leader today, respondents prioritize 

the following: 

 

0 10 20 30 40 50 60 70 80 90 100 

Governance and judgment now outweigh technical accounting by nearly two-to-one. 

The defining question is shifting from “Can AI generate financial insight?” 

to “Can organizations operationalize trust efficiently enough for AI to scale?” 
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IDC research suggests the strongest company-wide AI adoption patterns are emerging 

in workflows that are structured, reviewable, explainable, and governed by clear 

operational boundaries. Seven in ten finance leaders agree that their organization would 

intentionally limit AI autonomy if they could not obtain real-time visibility into the agent’s 

logic or a robust post-hoc audit trail, with 71% saying they would veto a 99%-accurate AI 

tool that could not produce a human-readable reasoning trace for every decision. And 

71% agree that the lack of AI transparency fundamentally undermines their ability to fulfill 

their fiduciary duty to the board. 

Human oversight remains central to financial accountability, particularly within regulated, 

high-risk, or operationally complex environments. Nearly half (46%) of organizations plan a 

hybrid workforce model over the next two years, with another 36% pursuing a human-first 

approach; combined, 82% will retain humans as the primary or co-primary actor in finance. 

The next generation of successful finance AI platforms may be differentiated less by the 

breadth of automation they offer and more by their ability to reduce validation burden, 

accelerate explainability, operationalize governance, streamline review workflows, and 

scale organizational trust efficiently. A Black Box system asks finance teams to trust 

outputs they cannot inspect; a Glass Box system exposes the reasoning, sources, and 

logic behind each output so teams can verify it. Some 71% of finance leaders say a 

vendor’s shift from a “Trust Us” (Black Box) stance to a “See How it Works” (Glass Box) 

design principle would strongly or critically elevate that vendor’s status as a preferred 

partner. And 54% of organizations report they would pay a premium for the transparency 

of Glass Box AI. Across all respondents, the mean premium is 11% above standard 

licensing fees, which rises to approximately 20% among those willing to pay. 

 
In practice, the future competitive divide in finance AI may not emerge between 

organizations that adopt AI and those that do not. It may emerge between organizations 

capable of reducing the operational cost of trust and those overwhelmed by 

verification overhead. 

 
What this means: 

The next wave of finance AI won’t be won 

on model performance — it will be won on 

trust infrastructure. Over the next 18 months, 

adoption will be decided less by what an 

AI model can do than by how quickly an 

organization can verify, govern, and act 

on what it produces. Buyers should treat 

explainability as a procurement 

requirement, not a feature request. 
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Market / technology context 
 

Finance organizations face pressure to improve three priorities at 

once — priorities that have historically operated in tension: 

Speed 

Faster close cycles, real-time reporting expectations, and increased 

decision velocity. 

Cost efficiency 

Leaner finance teams, constrained hiring environments, and growing pressure to 

scale without proportional headcount expansion. 

Control 

Auditability, defensibility, governance, compliance, and financial accountability 

remain non-negotiable. 

AI is increasingly positioned as the mechanism to resolve these competing pressures. 

 
However, IDC research suggests AI adoption inside finance is scaling unevenly. The current 

baseline reveals just how early most of the market is: 32% of organizations describe their 

finance function as primarily manual, 30% as rules-based, 23% as AI-assisted, 11% as 

semi-autonomous, and only 4% as largely autonomous. The market narrative of widespread 

autonomous finance has not yet matched operational reality. 

June 2026  • #EUR254634726-WP  • Sponsored by Sage  



 
 
 
 
 
 
 
 

 
The strongest adoption patterns are not necessarily emerging in the most ambitious 

autonomous workflows. Instead, organizations are operationalizing AI first in 

environments where outputs can be reviewed quickly, validated consistently, traced 

clearly, and governed operationally. Looking ahead two years, only 9% of organizations 

intend to pursue broad (“lights-out”) autonomy for transactional finance, while 38% will 

explore through pilots and 29% will automate selected activities with defined scope and 

controls, reflecting a clear preference for bounded autonomy. 

In many cases, finance teams are using AI to compress the work surrounding decisions 

rather than delegate the decisions themselves. Even in the hypothetical scenario of a 

fully reliable “continuous close” with a human-readable reasoning trace, only 23% of 

organizations would shift their monthly close to a review-only model, 42% would adopt 

a hybrid close, 28% would make no change at all (preserving the close as a governance 

milestone regardless of AI capability), and the remaining 7% would shift to a 

reduced-frequency formal close (quarterly or annual). 

 
Organizations remain highly sensitive to explainability gaps, inconsistent outputs, hidden 

assumptions, incomplete audit trails, and governance exposures. As a result, finance 

adoption is increasingly converging around bounded autonomy rather than 

unrestricted automation. 

 

 
Why this is emerging now 

 

 
Several market shifts are accelerating the operational importance of trust, explainability, 

and validation inside finance AI environments. 

1. Governance lags adoption. Generative AI adoption expanded significantly faster than 

organizational governance readiness. Today, only 22% of organizations have CFO- or 

finance-led AI governance, while 27% are IT-led with finance as a “customer,” 43% 

operate joint Finance/IT governance, and 8% have no formal AI governance at all. Said 

differently: in roughly 1 of every 12 finance organizations, AI is in use without any formal 

governance structure. 
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2. AI is entering regulated workflows. AI-generated outputs are entering regulated 

and high-impact financial workflows. Finance leaders’ confidence in their ability to 

police this is low: 62% report only moderate, low, or no visibility into whether their 

finance department is using unauthorized “Shadow AI” tools for sensitive financial 

analysis, and 30% explicitly suspect widespread off-book usage. This transition from 

experimentation toward operational deployment without adequate guardrails is 

changing the nature of AI risk. 

3. The do-more-with-less mandate persists. Finance organizations continue to face 

growing pressure to deliver more insight with fewer resources. This is reflected directly 

in how AI capability is being framed: when asked which approach most improves their 

ability to pivot financial strategy in a volatile market, nearly half (49%) of respondents 

chose a hybrid model (transparent AI for strategy and autonomous AI within guardrails 

for execution), almost a third (31%) chose transparency-led control, and only one in five 

(20%) chose autonomy-led adaptation. Eight in ten finance leaders want transparency 

as part of the mix. 

 
At the same time, AI capabilities are advancing faster than organizational trust models. 

Organizations may trust AI to identify anomalies, summarize information, compare 

datasets, or accelerate reporting preparation, but half of them (51%) would stop and 

choose not to act on an AI recommendation for an important financial decision if the AI’s 

reasoning is not transparent. Only 10% would proceed based on proven accuracy alone. 

The result is an emerging operational reality in which AI capability is accelerating faster 

than organizational confidence in how those capabilities should be governed at scale. 

Operationalizing AI increasingly requires more than model performance alone. It requires 

scalable trust architecture. 
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IDC research suggests AI capability itself is no longer the primary constraint limiting 

finance adoption. Instead, organizations are increasingly discovering that operational 

trust introduces its own form of overhead. 

Finance teams report growing operational effort associated with validation, debugging, 

explanation recovery, repeatability testing, exception handling, governance review, and 

source tracing. 

IDC research found: 

13 hours per week is being spent by senior finance leaders validating 

AI-generated outputs. 

48% of all respondents spend more than 15 hours per week on 

verification-related activities. 

19% spend 30+ hours per week on verification, a level IDC characterizes as the 

point at which the “Black Box” creates more work than it saves. 

26% of expected AI productivity gains, on average, are lost to 

reverse-engineering. 

22% of organizations report that more than half of their AI-saved time is 

consumed by verification activity. 

The Emerging Economics of AI in Finance Return to table of contents 
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This emerging burden is creating what IDC refers to as “The Verification Tax”: the growing 

operational cost associated with making AI-generated outputs trustworthy enough for 

finance use. 

Importantly, this burden is not likely caused by catastrophic AI failure. In many cases, 

organizations describe AI outputs as directionally useful, operationally helpful, or 

analytically valuable. The challenge is that finance organizations often cannot act on 

outputs immediately without reconstructing assumptions, validating calculations, tracing 

logic, or confirming consistency across systems and entities. 

The cost is concrete and quantifiable at the decision level. Consider a representative 

scenario: an autonomous agent denies a $50,000 supplier payment, citing “risk anomalies” 

but providing no explanation. The downstream response from finance leaders is telling. 

Fewer than four in one hundred (4%) would uphold the denial without further investigation, 

meaning the overwhelming majority are forced into reactive, time-intensive workflows. 

More than a third (35%) would initiate an immediate manual review, consuming an 

estimated two to four hours of staff time. More than a quarter (27%) would request the 

AI’s reasoning trace before taking any action. Another roughly two in ten (22%) would 

suspend the payment and seek additional information directly from the supplier. And 

about one in ten (11%) would override the system entirely and authorize payment — not 

out of confidence, but to avoid operational disruption. The result is a single unexplained AI 

decision fracturing into five divergent response paths, each carrying its own cost in time, 

labor, and organizational friction. Multiply that dynamic across the volume of decisions a 

modern finance function handles, and the operational burden becomes significant — and 

largely avoidable with greater transparency at the point of output. 

What finance teams actually need to act on AI recommendations is highly specific. When 

asked what would increase their confidence in acting on an AI recommendation for an 

important financial decision, respondents identified: 

 
71% 67% 65% 62% 

 

Clear visibility into 

the data sources and 

decision logic. 

Ability to see the 

underlying assumptions 

used by the AI. 

A clear audit trail showing 

how the recommendation was 

generated and approved. 

Simulation or scenario 

modeling showing the 

potential impact. 

 
58% 56% 46% 

 

Alignment with the professional 

judgment or expertise of 

finance leaders. 

Alignment with existing financial 

knowledge and policies. 

A proven historical track record 

of accurate recommendations. 
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Notably, historical accuracy ranked last. Trust is built from explainability, not 

performance alone. 

This dynamic is shifting the operational bottleneck inside finance. Historically, the 

bottleneck was in producing analysis. Increasingly, it is trusting analysis efficiently 

enough to operationalize it. 

 
 
 
 
 
 

 
The finance AI trust stack 

 

 
AI adoption in finance is no longer just a technology question — it is an operational 

one. The organizations moving fastest are not simply deploying AI and hoping human 

reviewers catch mistakes; they are building trust into the workflow systematically. Seven 

in ten finance leaders agree their organization would intentionally limit AI autonomy 

without real-time visibility or audit-trail explainability, a statement of policy intent that 

explains why ad hoc review is no longer sufficient. 

As AI-generated outputs enter more critical workflows, finance organizations are 

building layered operational models designed to balance speed, scalability, defensibility, 

governance, and accountability. 
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IDC refers to this emerging model as The Finance AI Trust Stack: 

Table 1 
 

Layer Primary Purpose 

AI Output 
Generate analysis, recommendations, comparisons, 

and operational insight 

Validation Verify accuracy, consistency, and reliability 

Explainability Clarify assumptions, logic, and reasoning 

Governance Ensure policy alignment, compliance, and operational controls 

Accountability 
Maintain human oversight, escalation authority, 

and sign-off responsibility 

 

The defining challenge of finance AI is no longer generating outputs. 

It is operationalizing trust. 

Demand for the explainability layer is no longer aspirational. It is becoming a 

near-universal organizational requirement. Three quarters (74%) of organizations now 

treat Glass Box AI transparency as either a mandatory requirement (44%) or a 

context-dependent requirement for high-risk financial decisions (30%). Only 4% say 

accuracy of the final output is the only metric that matters. A nearly perfect accuracy 

rate is not enough: 71% would veto a 99%-accurate AI tool that lacked a 

human-readable reasoning trace. 

 
Accountability is similarly internalized. More than seven in ten (71%) finance leaders agree 

that the lack of AI transparency fundamentally undermines their ability to fulfill their 

fiduciary duty to the board; and 33% of those strongly agree. Looking ahead, seven in ten 

finance leaders (69%) see AI explainability as a core CFO competency, predicting that by 

2030 it will be as essential as the ability to read a P&L. 

The strongest adoption patterns are emerging in workflows where organizations can 

review outputs quickly, validate logic consistently, maintain governance visibility, and 

preserve accountability boundaries clearly. This helps explain why interest in autonomous 

agents is strongly conditional on transparency: 93% of organizations are interested in AI 

agents that can “self-heal” errors (e.g., correcting vendor tax codes), but 66% require a 

human-in-the-loop approval step, and only 28% are willing to grant true autonomy even 

with Glass Box reporting. 
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Industry trust dynamics in 
finance AI 

 
AI adoption patterns differ significantly across industries, but IDC research suggests the 

primary differentiator is not AI maturity alone. The combination of operational complexity, 

workflow structure, regulatory exposure, financial risk, organizational accountability, and 

multi-entity scale directly influences where AI is deployed, where mandatory human 

oversight is retained, where validation burden accumulates, and where AI can realistically 

scale operationally. 

As a result, trust breaks differently depending on the operating environment. 
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Cross-industry observation 

While AI adoption patterns differ significantly across industries, IDC research suggests a 

highly consistent underlying trend: organizations are operationalizing AI first in workflows 

that are structured, reviewable, explainable, and bounded by clear governance controls. 

 

Table 2 

 

Industry 

 

Primary AI trust 

requirement 

% “Glass Box” 

preferred-vendor 

(Top-2) 

Mean 

Transparency 

Premium 

Nonprofit 

and education 
Defensibility 73% / 71% 28% / 33% 

Financial services 
Regulatory 

accountability 
73% 27% 

Construction 

and real estate 
Risk visibility 68% 37% 

SaaS / software 

& info services 
Explainable insight 68% 13% 

Healthcare Consistency at scale 75% 27% 

Manufacturing 

and distribution 

Operational-financial 

linkage 
74% 19% 

Professional services 
Delivery-context 

transparency 
73% 26% 

 

Hospitality 

Operational 

responsiveness 

with governance 

 

66% 

 

24% 

All industries — 71% 21% 
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Figure 1 

Glass Box demand vs. willingness to pay by industry 
Industries that demand transparency most don’t always pay most for it 

 

 

38% 

 
35% 
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30% 
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Hospitality 

 

All industries avg 
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Professional 

services 

 
 
 
 
 
 
 
 

 
Healthcare 

 

 

High demand 
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18% 

15% 

 
12% 

 
10% 

 
8% 

 
5% 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

Lower demand 

Lower premium 

 

 

 

 
SaaS / software 

Manufacturing 

& distribution 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 

High demand 

Lower premium 

 
64% 66% 68% 70% 72% 74% 76% 78% 80% 

 
Glass Box preference (% rating “strong or critical factor“) 

Bubble size proportional to verification load (% spending 15+ hrs/week) 

 
 

 
Two takeaways stand out. First, every major industry exceeds 65% in flagging Glass Box 

transparency as a strong or critical vendor preference factor. Trust requirements are now 

table stakes, not a vertical specialty. Second, willingness to pay for transparency clusters 

around the verticals with the highest fiduciary, regulatory, or project-risk exposure: 

Construction (37%), Education (33%), Nonprofit (28%), Financial Services (27%), and 

Healthcare (27%, tied with Financial Services. SaaS, by contrast, treats Glass Box as a 

feature it expects to receive at standard pricing (13%). 
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Key insights 

 
Insight 1: 

AI is compressing the work around 
decisions 
Core Finding. 

IDC research suggests organizations are primarily using AI to compare data, detect 

anomalies, prepare reporting drafts, generate policy documentation, assist with 

reconciliations, accelerate analysis preparation, and compress administrative workload 

surrounding financial operations. Human reviewers remain responsible for interpretation, 

approval, exception handling, governance, accountability, and final financial judgment.  

82% of finance organizations plan hybrid or human-first workforce models over the next 

two years; only 18% plan digital-first. 
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Supporting Data. 

When asked what would increase confidence in acting on an AI recommendation, the 

top four responses all relate to transparency and traceability: clear data sources and 

decision logic (71%), underlying assumptions (67%), audit trail (65%), and scenario 

modeling (62%); historical accuracy ranked last at 46%. Trust is built from explainability, 

not performance. 

Strategic Implication. AI is functioning primarily as an analytical acceleration layer 

rather than an autonomous financial decision engine. 

Insight 2: 

The hidden cost of AI is validation: 
The verification tax 
Core Finding. 

AI adoption is introducing measurable operational overhead associated with validation, 

debugging, explanation recovery, repeatability testing, exception handling, traceability, 

and governance review. 

Supporting Data. 

IDC research found: 

Mean 13 hours per week spent by senior finance leaders validating AI outputs 

  48% of all respondents spend more than 15 hours per week on verification 

19% spend 30+ hours weekly, the level at which AI creates more work 

than it saves 

Mean 26% of AI-saved time is consumed by reverse-engineering 

 22% of organizations report this consumes more than half of all AI-saved time 

In a single Black Box scenario (a $50K denied payment), ~63% of organizations would 

incur direct verification time or operational risk; only 4% would simply uphold the AI’s 

decision. 

Strategic Implication. The next major optimization challenge in finance AI may not 

be improving model intelligence alone. It may be reducing the operational cost of 

trust. Glass Box AI now functions as both a governance requirement and an economic 

one: 54% of organizations would pay a premium for it. The mean premium across all 

respondents is 11% above standard licensing — 20% among those willing to pay — and 

that willing-payer mean climbs to 33% in Construction and 27% in Financial Services. 
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Insight 3: 

Trust architecture is emerging as a 
competitive differentiator 
Core Finding. 

IDC research suggests organizations are increasingly prioritizing explainability, auditability, 

traceability, bounded autonomy, governance transparency, reviewability, and operational 

accountability. 

Supporting Data. 

71% of finance leaders say a vendor’s Glass Box stance strongly or critically elevates 

their status as a preferred partner 

71% would veto a 99%-accurate AI tool that lacked a human-readable 

reasoning trace 

70% agree their organization would intentionally limit AI autonomy without 

real-time logic visibility or audit trails 

74% treat Glass Box transparency as mandatory or context-dependent for 

high-risk decisions 

59% say achieving 100% Glass Box visibility would significantly or fully increase their 

appetite for autonomous AI execution, which signals that trust visibility is the lever 

that unlocks further automation 

When asked specifically why Glass Box matters, the top four reasons were, 

in order: 

1. Reducing regulatory, audit, and compliance risk (46%). 

2. Increasing trust for high-risk finance decisions (30%). 

3. Lowering validation cost (27%). 

4. Improving the ability to explain AI decisions to leadership (24%). 

Strategic Implication. The next generation of successful finance AI platforms may be 

differentiated less by automation breadth and more by their ability to reduce 

time-to-trust, minimize verification overhead, operationalize explainability, streamline 

governance, and scale trust efficiently across workflows. 
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Business impact 

Finance is becoming the enterprise 
trust layer 

IDC research suggests finance organizations are evolving into one of the primary governance 

and accountability layers for company-wide AI adoption. As AI-generated outputs 

increasingly enter operational workflows, finance organizations are becoming responsible 

for AI oversight, validation frameworks, explainability standards, governance enforcement, 

escalation processes, and institutional trust management. 

This evolution is showing up in how finance leadership is being redefined. When asked to allocate 

100 points across the skills required for a finance leader hired today, respondents placed: 

Risk, Governance & Decision Judgment 

Strategic Storytelling 

Systems Orchestration 

Deep Technical Accounting 

0 10 20 30 40 50 60 70 80 90 100 

The Emerging Economics of AI in Finance Return to table of contents 

June 2026  • #EUR254634726-WP  • Sponsored by Sage 20 

 
 
 

 
  points  

24 points 

 

32 points 



 
 
 
 
 
 
 
 

 
Governance now outweighs technical accounting by nearly 2-to-1, a strong signal that the 

finance function is repositioning around oversight rather than execution. 

By 2030, 69% of finance leaders agree that “a CFO who cannot explain their AI’s 

reasoning will be as unemployable as a CFO who cannot read a P&L today”; 

30% strongly agree. 

 

The operational risks are expanding 

Organizations face increasing operational exposure when AI outputs cannot be explained, 

cannot be reproduced consistently, lack traceable assumptions, generate excessive 

validation burden, or create governance ambiguity. Several risks are already measurable: 

 

43% of finance organizations rely on joint Finance/IT governance with no clear 

accountable owner, and 8% have no formal AI governance at all. 

 

62% of finance leaders lack high confidence that their teams are not using 

unauthorized Shadow AI for sensitive analysis. 

 

64% of organizations lack high confidence that a self-built AI finance solution 

could meet enterprise standards for security, compliance, auditability, and 

regulatory change. 

 
Without scalable trust architecture, productivity gains may plateau, operational friction 

may increase, governance workloads may expand, and AI adoption momentum may slow. 

 

Time-to-trust is becoming a 
competitive differentiator 

Time-to-trust refers to the amount of operational effort required before an 

organization feels comfortable acting on AI-generated outputs consistently at scale. 

51% of respondents would stop acting on an AI recommendation if its reasoning is 

not transparent. For half the market, the very first thing a finance team does after  

receiving an AI output is decide whether to trust it before acting on it. The competitive 

battleground may increasingly center on reducing that gap. 
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The emerging architecture of 
trusted finance AI 

 

 
The IDC findings describe a finance AI market in transition. Adoption is no longer the 

central challenge; operationalization is — moving from AI that generates outputs to 

AI that generates outputs organizations can use, defend, govern, and build upon. That 

transition is not primarily a technology problem but an architecture problem, and the 

organizations that solve it earliest will establish a durable structural advantage in how 

quickly and confidently they can act on AI-generated intelligence. 

Five architectural realities are emerging from the data. Together, they define what trusted 

finance AI looks like in practice, and what it will take to build it. 
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The first generation of finance AI investment was largely a capability race. Organizations 

evaluated AI vendors on accuracy benchmarks, model size, processing speed, and the 

breadth of tasks the system could perform. Those metrics remain relevant. They are no 

longer sufficient. 

IDC research makes the failure modes of generic AI capability visible in operational terms. 

 

71% of finance organizations currently reject the 

proposition that a 99%-accurate AI tool is acceptable 

without explainability. 

 
That figure encodes a real-world experience: organizations have deployed capable AI and 

discovered that capability without context creates new categories of operational burden 

rather than eliminating existing ones. 

The failure modes cluster in predictable ways. Hallucinations in financial outputs are 

not merely inaccuracies; they are governance events. A fabricated variance explanation 

or an unsourced forecast assumption requires investigation, documentation, and 

escalation. The cost of a single confident AI error in a finance context routinely exceeds 

the efficiency gain from dozens of correct outputs. Lack of explainability compounds this: 

when an AI system cannot surface its reasoning, the human-in-the-loop cannot quickly 

distinguish a correct output from an incorrect one, so every output is treated as suspect 

until proven otherwise. Disconnected outputs, those produced without integration into 

the workflow context in which they will be used, create handoff friction that reconstructs 

the manual effort the AI was meant to eliminate. And the inability to defend decisions 

to auditors, boards, or regulators means that AI-assisted conclusions carry a persistent 

asterisk: useful internally, but not authoritative externally. 

Taken together, these failure modes describe a system that generates outputs but does 

not complete work. The next era of finance AI is defined by closing that gap: shifting from 

generation to completion, from output to operationally usable, defensible result.  

June 2026  • #EUR254634726-WP  • Sponsored by Sage  

The Emerging Economics of AI in Finance Return to table of contents 

 
 



 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
The IDC data reveals a consistent and underappreciated insight: what finance 

organizations most want from AI is not more intelligence. It is more integration. 

The trust requirements that command the highest confidence scores are: 

71% 

clear visibility into 

data sources and 

decision logic 

67% 

the ability to 

see underlying 

assumptions 

65% 

a clear 

audit trail 

These are all fundamentally requirements about context, not capability. They are asking 

the AI to participate in a workflow, not merely to produce an output. 

Policy-aware AI, systems that understand the organization’s accounting policies, 

approval thresholds, materiality standards, and governance rules, and that apply them 

consistently without requiring manual re-verification, represents one of the most 

significant near-term value drivers in finance AI. When an AI recommendation is already 

calibrated to internal policy, the verification burden shifts from checking whether the 

output is compliant to confirming that it is, a far lighter lift. Similarly, workflow-connected 

AI, systems embedded in the close process, the budgeting cycle, the reporting workflow 

rather than sitting adjacent to it, eliminates the translation layer between AI output and 

operational action. 

Audit-ready AI carries the same logic forward. 65% of finance leaders cite a clear audit 

trail as a top confidence driver, not because they want to admire the documentation, but 

because audit-ready outputs are the only outputs that complete the workflow end to 

end. An AI recommendation that requires a separate documentation step before it can 

be submitted to an auditor has not finished the job. One that arrives with its audit trail 

built in has. 

Operationally embedded AI, where the system participates in the exception management 

loop rather than sitting upstream of it, closes the final gap. The organizations in IDC 

research that report the highest AI confidence scores are not those with the most 

capable standalone tools. They are those where AI is woven into the operational fabric 

of finance: triggering reviews, surfacing exceptions, routing approvals, and generating 

governance artifacts as part of the same workflow that produces the financial  

output itself. 
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For most organizations in the current moment, explainability, traceability, validation, and 

governance are experienced as friction: the overhead required to make AI outputs safe 

to use. That framing is understandable but ultimately limiting. The organizations that will 

achieve the most durable AI advantage are those that reframe trust infrastructure not as 

a constraint on AI deployment, but as the foundation on which scalable AI  

deployment is built. 

 
The distinction matters operationally. Organizations that treat governance as friction 

build workarounds: they deploy AI in limited, low-stakes contexts, cap autonomous 

decision-making at conservative thresholds, and maintain parallel manual processes as 

a safety net. Each of these choices is rational given the absence of trust infrastructure. 

Each also caps the value that AI can deliver. IDC research makes this ceiling visible: 

 

Only 4% of finance organizations have reached largely autonomous 

operations, not because the technology is incapable of more, but because 

the governance architecture to support more is not in place. 

 
Organizations that treat trust infrastructure as strategic infrastructure make a different 

set of investments. They build explainability into AI outputs at the point of generation, not 

as a post-hoc documentation layer. They establish traceability as a system requirement, 

not a manual step. They design validation workflows that are fast and lightweight 

precisely because the AI system has done the work of making its reasoning visible. And 

they build accountability mechanisms that allow AI-assisted decisions to be reviewed, 

challenged, and defended without requiring the human reviewer to reconstruct the AI’s 

reasoning from scratch. 

The payoff is compounding. Each investment in trust infrastructure increases the range of 

decisions the organization can confidently delegate to AI, which reduces the Verification 

Tax, which frees the capacity to extend AI further. The organizations furthest ahead in AI 

maturity are not the ones that moved fastest; they are the ones that invested earliest in 

the governance foundations that made speed sustainable. 
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Perhaps the most consequential organizational shift embedded in the IDC data is one 

that rarely appears in AI strategy discussions: the role of the finance professional is 

changing in ways that most finance teams have not yet named, let alone designed for. 

The traditional finance function was organized around transaction execution and 

reporting production: processing, reconciling, closing, consolidating, and delivering 

financial information on schedule. AI is automating the execution layer of that work at 

an accelerating rate. What it is not automating is judgment: the assessment of whether 

an AI-generated output is correct, contextually appropriate, and safe to act on. That 

judgment function is expanding, not contracting, as AI adoption increases. 

The emerging role is AI supervisor: a finance professional who manages a portfolio of AI 

agents and outputs rather than a portfolio of transactions and reports. The work shifts 

from execution to exception management, from processing to oversight, from producing 

numbers to validating, contextualizing, and defending them. IDC research shows this 

transition already underway: 

 

48% of senior finance leaders are spending 15 or more hours per week on 

verification and validation activity. That is not inefficiency to be engineered 

away. It is the new operational core of the finance function. 

 
The implications for finance teams are significant and largely unaddressed. The skills 

most valued in AI supervisors, the ability to detect reasoning errors in AI outputs, to 

interrogate assumptions, to identify when an AI system is operating outside its reliable 

range, and to translate AI-generated intelligence into defensible human decisions, are 

not the skills finance teams have historically recruited or developed for. They are also not 

the skills that most AI platforms are designed to support. Platforms that surface their 

reasoning clearly, that flag uncertainty explicitly, and that present outputs in a form that 

makes human oversight efficient rather than burdensome are not just more trusted. They 

are operationally better suited to the finance function as it is actually evolving.  

The organizations that recognize this shift earliest will redesign their finance teams 

around it: redefining roles, restructuring workflows, building the oversight competencies 

that AI-supervised finance requires, and selecting AI platforms that are built to be 

supervised rather than merely operated. 

4. Finance teams are 
becoming AI supervisors 
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The final architectural insight is also the most counterintuitive. In technology markets, 

competitive advantage typically accrues to the organizations that move fastest: that 

adopt earliest, automate most aggressively, and compress the gap between AI capability 

and operational deployment. That logic is partially correct in finance AI. But it misses the 

variable that most determines how far and how fast organizations can actually go.  

That variable is trust. Not trust in the abstract sense of confidence or belief, but 

operational trust: the measurable, repeatable ability of an organization to verify an AI 

output, understand its basis, and act on it without disproportionate oversight cost. IDC 

research shows clearly that organizations with the highest AI maturity are not necessarily 

the ones that adopted AI earliest or deployed it most broadly. They are the ones whose 

AI systems are most governable, most explainable, and most tightly integrated into the 

operational context in which their outputs are used. 

This produces a somewhat paradoxical finding: the AI implementations that restrict 

autonomy most carefully, that require human confirmation at defined checkpoints, that 

surface their reasoning most explicitly, and that make their limitations most visible, 

are often the ones that expand AI’s operational footprint most durably. Organizations 

trust them further precisely because they have demonstrated they can be trusted. The 

autonomy ceiling rises not through assertion but through earned confidence. 

The competitive implication for the next phase of finance AI is direct. The organizations 

that will lead are not those deploying the smartest models or the most autonomous 

agents. They are those building the trust architecture that allows smart models to be 

deployed safely at scale. The winning AI systems in finance over the next three to five 

years will not be defined by raw capability. They will be defined by governability: the 

degree to which human finance professionals can understand, verify, challenge, and 

ultimately rely on what the AI has produced. 

IDC research offers a clear leading indicator of which organizations are on that path. The 

finance leaders who have already built verification into operational workflows, who have 

established trust infrastructure rather than treating governance as friction, and who have 

begun designing their teams around the AI supervisor role, are not moving more slowly 

than their peers. They are moving more sustainably. In a market where AI capability is 

rapidly commoditizing, the durable differentiator is not what an organization’s AI can do. 

It is what the organization has built to govern what its AI does. 
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Recommendations 

Recommendation 1: 

Prioritize reviewability 
before autonomy 

Finance leaders should prioritize AI systems that provide explainable outputs, source 

traceability, structured review workflows, exception visibility, governance transparency, 

and reproducible analytical logic. Note: 71% of finance leaders already identify “clear 

visibility into data sources and decision logic” as their #1 confidence driver for acting on 

AI recommendations. 

Recommendation 2: 

Optimize for time-to-trust 

Organizations should evaluate AI initiatives based not only on speed of output generation, 

but on speed of operational trust formation. A 99%-accurate tool with no reasoning trace 

is currently rejected by 71% of finance organizations; accuracy without auditability is no 

longer a competitive position. 
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Recommendation 3: 

Treat validation as a core 
operational workflow 

Organizations should formalize review checkpoints, escalation paths, verification 

templates, governance controls, and explainability standards tied specifically to 

AI-assisted workflows. With finance leaders already spending an average of 13 hours 

weekly on verification, treating this as ad hoc work is a structural cost driver. 

Recommendation 4: 

Prioritize bounded autonomy 
before full autonomy 

Organizations should initially focus AI deployment on workflows that are structured, 

repeatable, measurable, and operationally reviewable. The market consensus already 

points here: only 9% of organizations plan to pursue broad (“lights-out”) autonomy in 

transactional finance over the next two years, while 67% plan pilots or scoped automation. 

Even with cross-agent orchestration, 43% want autonomous data-sharing between agents 

only with mandatory human checkpoints. 

Recommendation 5: 

Treat explainability as an 
economic multiplier 

Organizations that improve explainability may reduce validation burden, operational 

hesitation, debugging effort, and governance friction. The market is signaling willingness 

to pay: 54% would pay a transparency premium; across all respondents the mean is 11% 

(20% among those willing to pay), with willing-payer peaks of 33% in Construction and 

27% in Financial Services. And 59% of organizations say 100% Glass Box visibility would 

meaningfully expand their appetite for autonomous AI execution, meaning explainability 

is the lever that unlocks the rest of the AI roadmap. 
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Quantifying the verification 
tax: An ROI framework 
The research findings in this document are operationally significant, but the business 

case for action becomes clearest when the Verification Tax is expressed in concrete 

financial terms. The following framework translates IDC survey data into cost estimates 

that finance and technology leaders can use to size the problem, justify investment in 

Glass Box AI, and benchmark their own organizations against peer norms. 

 

The baseline cost of verification 

IDC research found that senior finance leaders spend an average of 13 hours per week 

validating AI-generated outputs. At an all-in compensation of $250,000 per year for a 

senior finance leader (inclusive of salary, benefits, and overhead) over 50 working weeks, 

this translates to an effective hourly cost of approximately $120. 
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Multiplying across the weekly verification burden: 

• 13 hours per week x $120/hour = $1,560 per week, per senior finance leader 

• Annualized: approximately $78,000 per senior finance leader per year consumed by 

verification activity 

• For a finance team with 5 senior leaders: approximately $390,000 annually in 

verification overhead 

• For a finance team with 10 senior leaders: approximately $780,000 annually 

 
These figures represent the floor of the verification burden, not the ceiling. They capture 

only the time cost of senior finance leaders and do not account for the productivity 

costs of junior staff, external auditor time, delayed decisions, or the opportunity cost of 

strategic work displaced by verification. 

 

The productivity erosion layer 

Beyond direct time cost, IDC research identified a second layer of Verification Tax: the 

erosion of AI productivity gains through reverse-engineering. Organizations estimate that 

26% of expected AI productivity gains are consumed by the effort required to explain AI 

outputs to stakeholders. For organizations where this erosion is most severe, 22% report 

that more than half of all AI-saved time is consumed by verification activity. 

 

Applied to a hypothetical AI implementation expected to save 20 hours per 

week across a finance team: 

• Expected weekly savings: 20 hours 

• Hours lost to reverse-engineering (26%): 5 hours 

• Net realized savings: 15 hours per week 

• For organizations in the high-erosion cohort (50%+ consumed): net realized savings fall 

to 10 hours or fewer 

In practice, AI implementations that generate a 20-hour weekly efficiency gain may 

deliver closer to 10 to 14 hours of realized productivity improvement once verification 

overhead is accounted for. The gap between projected and realized AI ROI is, in 

significant part, a trust gap. 

June 2026  • #EUR254634726-WP  • Sponsored by Sage  

The Emerging Economics of AI in Finance Return to table of contents 



 
 

 
The Black Box decision cost 

IDC research quantified the cost of a single Black Box failure event: an autonomous agent 

denies a $50,000 supplier payment due to “risk anomalies” but provides no explanation. 

Under this scenario, only 4% of finance leaders would uphold the denial without 

investigation. The remaining 96% incur direct costs: 

• 35% launch an immediate manual investigation, estimated at 2 to 4 hours of senior 

finance leader time ($240 to $480 per event) 

• 27% request the AI’s reasoning trace, triggering an escalation workflow and additional 

review cycles 

• 22% suspend the transaction and contact the supplier, introducing potential 

relationship and operational disruption 

• 11% override and pay to avoid disruption, bypassing the AI’s recommendation entirely 

 
At $300 average investigation cost per Black Box denial event and a conservative 

estimate of 10 such events per month across a mid-size finance team, the annualized cost 

of opaque AI decisions reaches approximately $36,000 per year in direct investigation 

time alone, before accounting for supplier relationship risk, delayed payments, or 

governance exposure. 

 

The transparency premium 
as a return 

54% of organizations report they would pay a transparency premium for Glass Box 

AI. Across all respondents, the mean premium is 11% above standard licensing fees, 

equivalent to approximately 20% among those willing to pay. On the surface, this appears 

to be a cost. Modeled against the verification burden it offsets, it functions as a return.  

Consider an organization with 5 senior finance leaders spending 13 hours per week on 

verification at $120/hour: 

• Annual verification cost: approximately $390,000 

• Conservative assumption: Glass Box AI reduces verification burden by 40% (a modest 

estimate given that 71% of leaders cite “clear visibility into data sources and decision 

logic” as their top confidence driver) 
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• Annual savings from verification reduction: approximately $156,000 

• If Glass Box AI costs more than a standard license on a $200,000 annual contract: 

additional cost of $22,400 at the all-respondent mean of 11%, or $41,200 at the 

willing-payer mean of 21% 

• Net first-year benefit of the transparency premium: approximately $132,400 

 
The economics favor Glass Box adoption in nearly every realistic modeling scenario. The 

transparency premium is not a luxury cost. It is, in most cases, the highest-return line 

item in a finance AI investment. 

The table below summarizes the core cost components of the Verification Tax across 

three representative organizational profiles. 

Table 3 

 

 

 

Organization 

Profile 

 

Annual 

Verification 

Cost 

(Senior 

Leaders) 

 

 

Productivity 

Erosion 

(26% of AI 

gains) 

Gross 

Savings 

from Glass 

Box (40% 

verification 

reduction) 

 

 

Premium 

Cost 

(20.6% on 

licensing) 

 

 

 

Net ROI 

Improvement 

Small team 

(3 senior 

leaders) 

 

$234,000 

~$52,000 lost 

on $200K AI 

savings target 

 

$93,600 

$24,720 

($120K 

license) 

 

$68,160 

Mid-size team 

(5 senior 

leaders) 

 

$390,000 

~$86,667 lost 

on $333K AI 

savings target 

 

$156,000 

$41,200 

($200K 

license) 

 

$113,600 

Enterprise 

team (10 

senior 

leaders) 

 

$780,000 

~$173,420 lost 

on $667K AI 

savings target 

 

$312,000 

$82,400 

($400K 

license) 

 

$227,200 

 

Note: Verification cost assumes $250,000 all-in annual compensation, 50 working weeks, 

and 13 hours per week on verification. Productivity erosion modeled at 26% of AI-saved 

time. Glass Box benefit modeled as a 40% reduction in verification burden, a conservative 

estimate based on IDC research findings. Individual results will vary based on team size, 

compensation levels, AI implementation scope, and organizational workflow design. 
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Conclusion 

 

 
AI capability is accelerating rapidly across finance workflows. Organizational trust is not 

accelerating at the same pace. IDC research suggests that the defining challenge of 

finance AI is no longer generating accurate outputs alone. Increasingly, the challenge is 

operationalizing trust at scale across complex financial environments. 

The organizations most successful with AI adoption may not necessarily be those 

deploying the largest number of AI agents or workflows. They may be the organizations 

capable of scaling trust efficiently, minimizing verification overhead, and embedding 

explainability directly into operational processes. 

In practice, trust is becoming a form of operational currency inside finance organizations. 

 
In finance, intelligence without trust does not scale. Increasingly, the future winners in 

finance AI may be determined not simply by who builds the most capable systems, but by 

who reduces the cost of trust most effectively. 
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About this research 

 

 
This IDC White Paper is based on an Agentic AI Finance Survey conducted with Sage in February 2026 

(n=2,275 senior finance decision-makers and influencers via CAVI phone interview), combined with executive 

interviews, enterprise finance practitioner discussions, and ongoing IDC market analysis. 

 

Sample composition: 

Region: 

North America 63% (US 37%, Canada 9%), EMEA 37% (UK 18%, France/Germany/Spain/South Africa 9% each) 

Company size: 

20–1,999 employees (100–249: 32%; 250–499: 33%; 50–99: 16%; 20–49: 16%) 

Industries: 

All 17 IDC verticals represented, with strongest coverage in Financial Services (8%), Software & Information 

Services (8%), Nonprofit (8%), Business & Personal Services (8%), Construction (8%), Healthcare (7%), 

Hospitality (7%), and Manufacturing/Wholesale & Distribution (combined 8%) 

Roles: 

Finance/Accounting Directors (21%), Controllers (16%), Finance/Accounting Managers (14%), 

VP/Head of Finance (14%), CFOs (13%), VP/Head of FP&A (11%), and senior operations roles 

Decision authority: 

36% primary decision-makers, 52% members of the decision-making team, 12% influencers 

 
The study examined enterprise AI adoption patterns, validation and governance challenges, explainability 

expectations, operational trust dynamics, and the evolving role of finance in enterprise AI oversight. The 

research focused specifically on how organizations are operationalizing AI within real-world financial 

workflows rather than theoretical autonomous finance models. 

Findings are drawn from custom IDC research conducted in 2025–2026, with responses from senior finance 

leaders across North America and EMEA. 
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